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Intestinal ischemia is a serious condition where the surgeon often has to make important but

difficult decisions regarding resections and resection margins. Previous studies have shown that

3 h (hours) of warm full ischemia of the small bowel followed by reperfusion appears to be the

upper limit for viability in the porcine mesenteric ischemia model. However, the critical transition
between 3 to 4 h of ischemic injury can be nearly impossible to distinguish intraoperatively based

on standard clinical methods. In this study, permittivity data from porcine intestine was used to
analyze the characteristics of various degrees of ischemia/reperfusion injury. Our results show that
dielectric relaxation spectroscopy can be used to assess intestinal viability. The dielectric constant and
conductivity showed clear differences between healthy, ischemic and reperfused intestinal segments.
This indicates that dielectric parameters can be used to characterize different intestinal conditions. In
addition, machine learning models were employed to classify viable and non-viable segments based
on frequency dependent dielectric properties of the intestinal tissue, providing a method for fast and
accurate intraoperative surgical decision-making. An average classification accuracy of 98.7% was
obtained using only permittivity data measured during ischemia, and 96.2% was obtained with data
measured during reperfusion. The proposed approach allows the surgeon to get accurate evaluation
from the trained machine learning model by performing one single measurement on an intestinal
segment where the viability state is questionable.

Intestinal ischemia is a fairly uncommon but life-threatening event. Early diagnosis and intervention are of vital
importance to preserve sufficient bowel function while avoiding necrosis, peritonitis, and possible death of the
patient. Selection of resection areas and decisions on resection margins requires a lot of surgical experience and
uncertainty can be high. Clinical judgment based on visual criteria has a reported sensitivity of 78-89%, but this
includes a second look evaluation and resection of a part of the viable bowel in 46% of the cases to avoid leaving
non-viable bowel in the patient"2. Patients may risk short gut syndrome if resection is performed too aggressively.
Due to the difficult task of assessing intestinal viability upon the first inspection, a second look-operation after
24-36 h is the standard of care in cases with high uncertainty.

Over the years, many experimental approaches have been pursued to investigate the possibility of providing
better tools for the surgeon. Among these are studies investigating the association between the dielectric proper-
ties of the intestine and tissue state. A well-known study conducted by Gabriel S. et al.’ reported the dielectric
properties of several biological tissues including the intestine in the frequency range from 10 Hz to 20 GHz. In
2003, Sasaki et al.* developed the best fit values for parameters in the Cole-Cole model for the dielectric properties
of 43 biological tissues and organs, including the small intestine. Some years later Salahuddin et al.> proposed
a two-stage generic algorithm to optimize the dielectric properties of 54 types of human tissues. Both studies
were based on the measurements done by Gabriel S. et al.’.

To the best of our knowledge, no studies have been conducted on the dielectric properties of the small intestine
during ischemia and reperfusion injury in the GHz region. The closest are those conducted by Strand-Amundsen
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et al.%” reporting trans-intestinal measurements of electrical parameters during ischemia and reperfusion in the 1
kHz-1 MHz range. Some studies have reported that dielectric properties are useful in evaluating viability of heart
and liver after ischemia and reperfusion injury®-*!. Knowledge about whether dielectric relaxation spectroscopy
can be used to evaluate the small intestine condition and how different ischemia and reperfusion conditions
affect the dielectric properties of the small intestine is still lacking.

We used permittivity measurements to investigate the dielectric properties of healthy, ischemic, and rep-
erfused small intestine in a porcine model. The dielectric properties of biological substances reflect the tissue
structures and chemical composition, and both will change during ischemia and reperfusion injury'®'2!3 We
investigated how the dielectric properties changed with different degrees of ischemia and reperfusion over time.

To make decisions on tissue resection and resection margins, it is important to determine whether the
intestinal segment in question is viable or non-viable. Previous experiments have reported that small intestinal
tissue undergoing ischemia followed by reperfusion, has a viability limit that occurs between 3-4 h of ischemic
duration®. We explored the possibility of using machine learning (ML) methods together with dielectric proper-
ties to differentiate whether the small intestine has been in the ischemic phase for less than 4 h (viable) or 4 h or
more (non-viable). To assess and visualize the importance of features among the frequency-dependent dielectric
tissue properties as predictors in the ML classifiers, the SHapley Additive exPlanations (SHAP) method'* in
explainable artificial intelligence (AI) was implemented.

Results

In the present study, four cases were created and measured in each porcine subject as described in “Animals
and experimental design” section. 10 permittivity measurements were performed on each case per hour, result-
ing in a total of 3020 measurements (700 control measurements, 1490 ischemic phase measurements, and 830
reperfusion phase measurements).

Permittivity analysis. The different states of perfusion in the intestinal tissue (control, ischemia and reper-
fusion) led to differences in the mean of the dielectric constant as a function of frequency (Fig. 1a). The dielectric
constant for the ischemic intestine was lower compared to the control while the dielectric constant for the rep-
erfusion phase was higher. There was some overlap between control and ischemic dielectric constant data, while
the overlap between ischemic and reperfused intestine was minimal.

This study revealed é -and y-dispersions that characterize the frequency dependence of dielectric properties
of the small intestine. §-dispersion was most likely produced by the dipole relaxation of the bound-water in the
intestine tissue. As the frequency increases, polarization decreases as each polarization mechanism ceases to
contribute, resulting in a decrease in dielectric constant for all conditions. The ischemic intestine had the lowest
overall dielectric constant, followed by the healthy intestine, while the reperfused intestine displayed the high-
est dielectric constant value. The same trend was observed with the dielectric conductivity of the three tissue
conditions.

Figure 1b shows a violin plot of the relative change in the dielectric constant at frequency 6.25 GHz. One-way
ANOVA with Sidak correction for repeated measurements was used to compare the dielectric constant data in
case 3 and 4 at selected timepoints. Pairwise comparisons were performed for the two cases (case 3 and 4) with
same reperfusion time. There were significant differences between the two cases in the time development of the
dielectric constant during the first and fourth hour of the reperfusion phase.

Figure 1c and 1d shows the relative change in dielectric constant and dielectric conductivity of both ischemic
and reperfused intestine compared to data obtained from the control intestine. Relative change in dielectric
constant and dielectric conductivity were calculated as:
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A¢€’ of the ischemic intestine (Fig. 1c) showed one broad peak extending in the 4-10 GHz range. A€’ of the
reperfused intestine increased from 200 MHz to around 2.5 GHz then decreased for the following 2.5 GHz,
followed by another peak around 10 GHz. Ao for the ischemic phase in Fig. 1d showed a higher dielectric
conductivity characteristic compared to the control group up to 3 GHz, while the Ao for reperfusion phase
showed a decreasing trend up to 3 GHz. The Ao showed a peak around 11 GHz for the ischemic case, whereas
two peaks centered around 4 GHz and 12 GHz were seen with the reperfused case, exceeding almost 15% over
the dielectric conductivity of the control case.

Table 1 shows the selected cases and the corresponding fitted Cole-Cole parameters. The R? value was above
0.995 during all fitting procedures and €, were all less than 10. For the cases during ischemia, we see a decreas-
ing trend on A€ and an increasing trend on Ae;, whereas the relaxation time 7; declines as ischemic time
increases. Ae¢; for 3 and 4 h ischemia followed by 1 and 3 h reperfusion exhibited an increasing trend, while Ae;
showed the opposite behavior. 7; increased with longer reperfusion time. No obvious trend was observed on 7,
throughout all cases.

Determination of intestinal viability using ML. The permittivity data was divided into two types of
data describing the two main mechanisms occurring in the intestinal tissue during the experiment, namely
ischemic permittivity data (from the events with full occlusion) and reperfusion permittivity data (from the
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(a) Dielectric constant and dielectric conductivity of
control, ischemic and reperfused small intestine.
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(c) Relative change in the dielectric constant of ischemic
and reperfused small intestine with one hour interval.
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(b) Violin plot of relative change in dielectric constant at
frequency 6.25 GHz. The black line in the middle
indicate the median value of the relative change in the
dielectric constant, whereas the lower and upper green

lines show the 25th and 75th percentile, respectively.
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Figure 1. Dielectric constant and dielectric conductivity plots of control, ischemic and reperfusion phase of the
small intestine with mean value and 95% confidence interval. “I” = Ischemia and “R” = Reperfusion, numbers

are shown in hours. Significant codes: <0.0001 “x * %", <0.05

MHz-14 GHz.
Aer  |Aex  |Tilps] | z2[ps]
Control 20.21 |44.81 [825.30 |8.46
I-1h 19.48 |56.49 |675.20 |7.06
I-4h 18.99 |56.93 |655.82 |6.89
I-5h 1548 |57.95 |574.18 |6.90
1-6h 15.08 |58.08 |529.70 |7.21
I-3h-R-1h [ 13.07 |44.32 [594.73 |8.69
I-3h-R-3h [ 13.70 |42.45 |724.48 |8.95
[-4h-R-1h [ 12.90 |43.41 |741.75 |8.94
[-4h-R-3h [ 21.12 |41.65 |1222.23 |8.95

« »

+”, Not significant, “ns”. Frequency range is 200

Table 1. Extracted Cole-Cole parameter from fitting equation (4) to the experimental data. “I” = Ischemia,
“R” = Reperfusion and “h” = hour(s).
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Model performance
Architecture Freq. | Data | Accuracy (%) | F1 score (%) | Sensitivity (%) | Specificity (%)
w I 96.9 £1.5 97.6 £1.3 98.4+1.4 97.4+1.0
R 92.2+1.0 93.0+1.4 89.2£1.1 94.6 +1.4
LSTM
S I 93.9+1.4 95.1+1.4 90.7 £3.0 95.8+2.4
R 93.446.5 94.24+6.3 89.2+6.1 96.7 +5.8
w I 97.7+1.3 98.2 1.1 98.4+1.8 96.2+1.4
R 95.242.7 95.6 +2.8 93.545.4 97.342.5
Bi-LSTM
S I 96.9+1.4 97.7 £1.2 96.2+1.4 97.4£1.1
R 92.244.2 93.143.7 98.2+1.2 93.445.5
W I 98.7 +0.2 98.8 +0.1 97.940.3 99.6 0.3
R 96.2 1.1 95.441.2 95.6 £1.7 97.0£2.5
Residual LSTM
S I 93.8+1.3 94.2+1.2 92.5+0.3 94.9 +1.7
R 94.242.4 92.84+2.9 95.6 £2.9 933424
w I 97.8+0.5 98.3 +0.4 97.7 £0.6 97.941.2
R 87.242.9 89.0+2.2 80.2£0.8 92.8+2.9
1D-CNN
: I 95.9 +0.8 96.6 +0.8 95.2+1.1 96.3+0.9
R 75.7 £1.1 79.2 £1.7 65.1+1.4 84.1+£1.1

Table 2. Model performance for classifying viable and non-viable small intestine segments after different
degrees of ischemic injury. Binary classification classes are divided as following for both ischemic and
reperfusion data: class 1: ischemic condition for 1, 2, and 3 h, class 2: ischemic condition for 4-8 h. Both
average and standard deviation from 5-fold cross validation are shown in the table. “W” = Whole, indicates
that the whole frequency range was used (200 MHz-14 GHz). “S” = Selected, indicates that the selected
frequency range was used (6 GHz-14 GHz). “I” = Ischemia and “R” = Reperfusion.

— Reperfusion
b — Ischemia

J Shapley value

Frequency [MHz]

Figure 2. Shapley values plotted with the relative change in dielectric constant for ischemic and reperfusion
phase. Where positive shapley values indicate positive contribution to the model classification performance and
negative shapley values implies negative contribution to the model performance.

events where occlusion was followed by reperfusion). The two data types were again divided into subgroups of
ischemic exposure for less than 4 h (1-3 h) or not (4-8 h) and also to reperfusion time following the ischemic
exposure. The dividing of different groups was based on an earlier study which suggested that 3 h of full ischemia
followed by reperfusion is the upper limit for viability in the porcine intestinal ischemia model®. Three different
LSTM models and a 1D-CNN model were used to differentiate between the two groups, Table 2 shows the clas-
sification results. Figure 2 shows how features extracted by the SHAP method (frequencies with corresponding
dielectric constants) contributes to the classification.

The PCA method was used additionally to select and verify the most important frequencies in distinguishing
the viable and non-viable intestinal segments and to crosscheck with the frequencies that the SHAP method
picked out. Two components were extracted from PCA, both for the ischemia and reperfusion dataset. For the
ischemia dataset, the first principal component (dominated by 6.75 GHz) explained 30.4% of the variation while
the second component (dominated by 11.25 GHz) explained 19.2% of the variation. For the reperfusion dataset,
the first principal component (dominated by 13.25 GHz) explained 51.3% of the variation while the second
component (6.00 GHz) explained 22.9% of the variation.

Based on the results from PCA and SHAP, we selected the frequency range 6 GHz-14 GHz to retrain the
LSTM models and the 1D-CNN model to check whether we can obtain similar model performance by using
fewer data points.

Table 2 shows that residual LSTM obtained an overall higher performance compared to the other three
models. Bi-directional LSTM outperformed conventional LSTM in all cases except for the selected frequency
range for the reperfusion case. Classification results achieved a mean accuracy of 98.7% with full frequency
spectrum, and 96.2 % with the selected frequency range using residual LSTM. 1D-CNN model showed similar
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performance as the LSTM models for ischemia data, while the performance was worse when reperfusion data
were used. Comparing accuracy score obtained from different frequency ranges, by using only the selected
frequency range, we received only a slightly lower accuracy; an average decrease of 2.6% across all models for
the ischemic case, and 3.8% for the reperfusion case. With the conventional methods support vector machine
(SVM) and random forest (RF) we were not able to achieve similar accuracies as the deep learning methods.
With SVM, mean accuracies of 59.7% and 61.7% was obtained for the ischemia and reperfusion data when the
whole frequency range was used. When using only the selected frequencies an accuracy of 60.5% and 63.9%
was obtained. The RF model showed a similar performance as the SVM model, with mean accuracies of 61.1%
and 55.5% for ischemia and reperfusion data respectively when the whole frequency range was used and 53.9%
and 57.8% when using only the selected frequencies. Detailed results from SVM and RF models can be find in
the Supplementary Information.

Discussions

We investigated the dielectric properties of the small intestine in the GHz region during ischemia and reperfu-
sion and found that these properties can be used to discriminate intestinal tissue viability. This opens for novel
intraoperative methods of assessment of intestinal tissue state and tissue resection margins, where the benefit is
increased accuracy in assessment of intestinal tissue state combined with a drastic reduction in time to make the
assessment. Our results indicate that there is an association between dielectric properties and the physiological
condition of the small intestinal tissue.

The pig model was selected as it has important anatomical and physiological similarities to humans'®. Espe-
cially important is the similarity in pathophysiology of ischemia/reperfusion between the pig model and humans.
The pig model has previously been suggested as a reference standard in intestinal transplantation research'®. The
segmental mesenteric occlusion model that we used!” provides a well-defined area of ischemic injury affecting
the whole intestinal wall in the occluded segment'®, in contrast to the more spatially variable results that typically
is reported when using superior mesenteric artery or vein occlusion.

To the best of our knowledge, the current work is the first to report the dielectric properties of ischemia/
reperfusion injury of the intestinal tissue in the GHz region and to apply different LSTM models to sequences
of frequencies to classify tissue conditions. There are only a few other studies that use LSTM for classification of
tissue conditions. Strand-Amundsen et al.’® used the LSTM model on low frequency bioimpedance measure-
ments to classify small intestine status and Otto et al.'® used LSTM in classification on optical coherence tomog-
raphy data. Compared to the previous studies measuring the low frequency electrical properties of intestinal
ischemia/reperfusion injury, where the ischemic and reperfusion phases showed overlap at certain points during
the ischemia/reperfusion course?, the overlap is minimal in the high frequency permittivity measurements,
increasing the separability of characteristics of ischemic and reperfusion phases.

An overall lower dielectric constant was observed for the ischemic intestinal segments, and an overall higher
dielectric constant was observed for reperfused intestine compared to the control case. Hahn et al.”! suggested
that a decrease in blood volume might cause a decrease in permittivity during ischemic conditions.

The relative changes in the dielectric constant (A€’) of the ischemic phase compared to the control case
showed a single peak around 10 GHz, whereas A€’ of the reperfusion phase showed two separate peaks. The
first peak in the §-dispersion region, may be associated with proteins, cellular organelles and protein-bound
water??. Prolonged ischemia will result in lactate accumulation, followed by dysfunctional ATP base-dependent
ion transport mechanisms, gradually contributing to cell swelling and eventually necrosis®. Necrosis leads to
the contents of the cells leaking to the interstitial fluid influencing neighboring cells and forming molecular
interactions with substances in the extracellular fluid. The two peaks in the reperfusion data indicates that certain
molecules are released during the reperfusion phase which were not present, or of lower concentration during
the ischemic phase. With higher excitation frequencies, big polar molecules with a large dipole moment will
struggle to orient with the fast alternating field, giving less polarization which in turn leads to lower permittivity.
The observed increase in permittivity in the reperfusion phase compared to the control case can be attributed
to increased concentration of smaller polar molecules including water molecules.

The reperfused tissue was edematous and swollen compared to both the control and the ischemic tissue.
Excessive accumulation of interstitial fluid leading to increased water content may be one of the causes of
increased permittivity during the reperfusion phase at the higher frequencies.

The electrical charging effects of the cell membranes decrease with increasing frequency, while the dielectric
characteristics of the intestinal tissue reflect the properties of intercellular and intracellular electrolytes and
water molecules?®. Schwan and Foster® concluded that the dielectric properties of tissues like liver and muscle
at frequencies above 1 GHz could be attributed directly to their free water and normal bulk water contents.

Microdialysis has been used in earlier studies® to collect metabolic markers during ischemia/reperfusion
injury. Ischemia followed by reperfusion for 1-8 h resulted in an increase in lactate and glycerol concentration
levels. Both lactate and glycerol are relatively small polar molecules that can be detected by DRS in the measured
frequency range, and we estimate that they contribute to the increase in dielectric constant in the lower GHz
range.

Overall dielectric conductivity for both the ischemia and the reperfusion cases were higher compared to the
control case, indicating higher dielectric loss, which suggests that the energy loss associated with rotation of
the molecules was higher. The dielectric conductivity around 1 GHz increased as the intestines were exposed to
ischemic injury, possibly because of an increase in the concentration of larger molecules, leading to more energy
loss as they rotate to follow the fast alternating field.

In the frequency range of 1.5 GHz to 14 GHz for the ischemia case, we observed a trough in the Ao This can
be explained by a concentration reduction of polar molecules and loss of ability to follow the fast alternating
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electric field for bigger molecules, leading to a decreased energy loss. For cases where ischemic injury was fol-
lowed by reperfusion, the changes in measured dielectric conductivity can be explained by a concentration
increase in large polar molecules (compared to water molecules), where when the frequency increases, they
struggle to follow the alternating field, exhibiting a decreasing trend in energy loss. The last increase and decrease
in dielectric conductivity around the 10 GHz-14 GHz region is possibly caused by an increase in water content
due to edema, where water molecules dominate in this frequency range.

A double Cole-Cole equation was used to fit the permittivity data, while we tested and rejected both a single
Cole-Cole equation (not adequate) and a combination of three Cole-Cole equations (the improvement of the
R? score was minimal). The time constant  obtained from the fitting procedure varied from picoseconds to
nanoseconds, which accounts for partial orientation of molecular dipoles®. Most biological materials do not
exhibit single relaxation behavior. Multiple relaxation processes might occur in parallel as the relaxation time of
polar molecules with similar structures and dipole moment overlaps?, thus the relaxation times obtained from
the fitting procedure are means which include the contribution from several dipole molecules. The decreasing
trend in 7y (Tab. 1) observed in ischemic phase measurements may be due to dissociation in hydrogen bonds
with water as the blood flow decreases during ischemia. The increasing trend in the mean relaxation time during
reperfusion might be re-connection of hydrogen bonds with increased water content.

Three LSTM models were tested, all taking spectral information into account. Comparing bidirectional LSTM
with unidirectional LSTM, by feeding the model with data once from the beginning to the end and once from the
end to the beginning, the bidirectional LSTM has the ability to learn sequential information in both directions,
enabling improved context leaning and a possibility for improved model performance. Residual LSTM showed
the overall best model performance and shortest computational time. Due to the additional spatial shortcut path
from the lower layers, the model provides more efficient training of deep networks?. In addition, a ID-CNN
model was tested to compare with the LSTM models. The 1D-CNN model performed comparably well with
the LSTM models, with slightly lower overall performance. The conventional machine learning methods SVM
and RF were also tested to assess how simpler machine learning models perform for our binary classification
problem. 5-fold cross validation were used for both SVM and RF models. The results show that the SVM and RF
models are not well suited to classify the non-linear frequency dependent permittivity data. This indicates that
deep learning methods is needed to more accurately differentiate between the two classes.

5-fold nested CV was used to prevent “leaking” of the information into the model and overfitting on the
training data. Model selection without nested CV would use the same data to tune model hyperparameters and
evaluate model performance which may lead to optimistically biased evaluation of the model®.

By halving the frequency range, the amount of data was reduced, which lowers the requirement specifications
for the instruments. By basing the classification on a single input spectral sweep, we provide a clinical solution for
decision-making where the surgeon needs only to conduct one measurement (which takes around one second),
and the model will provide the classification of the tissue sample under test. This allows for a great reduction in
time consumption compared to the present standard clinical methods.

Integration of ML based algorithms during intraoperative evaluation of intestinal viability can make tissue
diagnosis more automatic, robust and objective. The potential is to increase the accuracy of viability assessment
and decisions on resection margins, and to reduce the need for second look surgery.

Eight pigs with 4 cases each of ischemia/reperfusion models were used in this study, with hourly measure-
ments on all cases over a period of 8 hours. The number of pigs was relatively low compared to the number of
measurements, but individual variation within each subject and each intestinal segment was minimal. Using
data from the same segment for training and testing might have limited the realism of the accuracy estimates.
The number of pigs was insufficient for data to be split on segments to avoid the dependence with repeated
measurements. While we are at an early stage in the development of our method, our analysis demonstrates
the potential to train a ML model to discriminate between tissue viability states. In the future, a larger dataset
should be utilized to further develop the model to increase the generalizability and to validate the results with
independent observations.

A 3D printed clip (Fig. 3) ensured that there was near-constant pressure between the probe and the intestinal
tissue, but small variations may have influenced the measurements. Another potential error source could be
irritation in the intestinal segments caused by our physical handling of the intestine. During the measurements,
the intestine was exposed to air, leading to periods with decreased temperature, which may have influenced the
dielectric properties of the tissue.

The borderline between viable and non-viable intestine tissue was based on previous work®, and a histological
follow-up study should be conducted to verify these assumptions.

Conclusion

We report the dielectric properties of the small intestine during different ischemia and reperfusion conditions.
Permittivity measurements appear to be a promising method for accurate and semi-automatic differentiation
between healthy, ischemic, and reperfused small intestine in a porcine model. Assisted by LSTM-RNN, we were
able to identify viable and non-viable intestinal segments with a mean accuracy of 98.7% with residual LSTM,
based on single frequency sweep measurement. This approach has the potential to increase the diagnostic preci-
sion and introduces a new method to evaluate the intestine viability. Our results show that dielectric property
characterization of small intestine combined with ML is reliable and has a strong potential for accurate resection
of non-viable intestinal segments leaving viable segments unresected. This will most probably mean a better
prognosis for the patient and markedly reduce the need for second look surgery 1-3 days after the acute surgery.
Evaluation of this approach on human intestine is our next target.
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Figure 3. Experimental setup.

Methods

Animals and experimental design. Eight Norwegian Landrace pigs were included in this study, weight
range 50-66 kg and 5 were female. The pigs were normally healthy pigs and were screened by a professional pig
breeder, to avoid disease. Food was withheld 12 h prior to surgery. We used the same experimental protocol as
Strand-Amundsen et al.”?. For each pig, we selected four random segments of jejunum for the four cases of the
protocol;

Case 1: Control—8 h of normal perfusion.

Case 2: Ischemia—8 h of warm full ischemia.

Case 3: 3 h of ischemia followed by 5 h of reperfusion.
Case 4: 4 h of ischemia followed by 4 h of reperfusion.

Ischemia was performed by clamping the arteries and veins of the jejunal mesentery of the selected seg-
ments, resulting in a 30 cm central zone of warm ischemia and two surrounding edge zones of marginal tissue
hypoxia”?’. The choice of time duration for Case 3 and Case 4 is based on the previously published work by
Strand-Amundsen et al.® where they found that irreversible injury occurs around 3-4 h of ischemia based on
histological analysis. In vivo permittivity measurements were conducted hourly over an 8 h period. All intestinal
segments received the same treatment, while ischemic exposure varies dependent on the protocol. After the
experiment, the animals were sacrificed by a lethal dose of potassium chloride (100 mmol). The experiment was
approved by the Norwegian Food Safety Authority (NFSA) and conducted in accordance with national animal
welfare guidelines. The NFSA is a national authority that since 2015 replaces all institutional review boards and
ethics committees regarding animal research and welfare. All methods are reported in accordance with ARRIVE
guidelines (https://arriveguidelines.org).

Surgery, anaesthesia and monitoring.  Surgery was performed under sterile conditions. Anesthesia was
induced with intramuscular ketamine (Warner Lambert, Morris Plains, NJ) 15 mg/kg, azaperone (Janssen-Cilag
Pharma, Austria) 1 mg/kg, and atropine (Nycomed Pharma, Asker, Norway) 0.02 mg/kg. Tracheostomy was per-
formed initially for mechanical ventilation. Following tracheotomy, anesthesia was maintained with isoflurane
(Abbott Scandinavia AB, Kista, Sweden) (1-1.5%) and a mixture of air and O, to obtain a FiO, of 30% to ensure
arterial oxygen saturation >92%. Morphine (Alpharma, Oslo, Norway) 0.4-0.7 mg/kg/h was administered as
a continuous intravenous infusion. Ventilation was adjusted to a pCO, of 5-6 kPa. A continuous infusion of
Ringer acetate 10-30 ml/kg/h was administered as fluid replacement. The jejunum was made accessible through

mid-line laparotomy”%.

Permittivity measurements. Dielectric relaxation spectroscopy (DRS) was performed with the open-
ended coaxial probe (OCP) method®, to characterize the dielectric properties of materials. We used the OCP
DAK 3.5: 200 MHz-20 GHz (Schmid & Partner Engineering AG, Switzerland) and the R140: 85 MHz - 14 GHz
(Copper Mountain Technologies) vector network analyzer (VNA). Combining the limitations of the probes
and the VNA, the measurement frequency range for our setup was 200 MHz to 14 GHz. A standard 3-point
calibration®*> “Open’, “Short”, and “Load” were performed prior to each hourly measurement to maintain the
accuracy of the analyzer. To estimate the uncertainty of the measurement we used the methodology described by
Gregory and Clarke™ that includes estimates of possible systematic errors due to design, calibration uncertain-
ties, temperature differences between the calibration and measurements, and VNA noise. The uncertainty in the
measurements was found to be within the range of errors (1.7% for the frequency range 200 MHz-5 GHz and
3.5% for 5 GHz-14 GHz) that is acceptable for the setup.
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To ensure stable pressure and good contact between the coaxial probe and the soft intestinal tissue, we used
a designated 3D printed fixation clip (Fig. 3). The intestinal sample was slightly clamped between the clip and
the probe surface.

Permittivity data analysis. When applying microwaves to biological materials, two types of processes
(energy storage and energy dissipation) take place. Polar molecules in the biological sample under test polarize
in response to the applied alternating electric field causing energy storage and give rise to orientation polariza-
tion, where the dipoles orientate themselves to align with the externally applied field. The orientation polariza-
tion causes dielectric relaxations which is indicated by dispersions® in the dielectric properties. With fast alter-
nating fields, the polar molecules cannot align with the field instantly which causes energy dissipation. Therefore
complex permittivity is used to express the dielectric properties of the material as Equation 3 shows,
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where the real and imaginary part of the complex permittivity €/, €” are called dielectric constant (energy stor-
age) and dielectric loss (energy dissipation). o is the dielectric conductivity which represents the energy loss
associated with the dispersion of €”. ¢ is the vacuum permittivity.

Typically, the main contribution of the dielectric relaxation of water molecules can be described by a Debye
function®. There will be a broadening of the spectrum which corresponds to a distribution of relaxation times,
when other polar biological substances are present and interacts with water molecules. In the intestinal tissue,
protein-bound water, proteins, metabolites in addition to different ion concentrations will contribute to the
dielectric relaxation in addition to the water molecules?**+%.

In 1941, the Cole brothers introduced the Cole-Cole model*® which corrects the Debye model to account for
the distribution of relaxation times when used to describe dielectric relaxation of different materials. We used a
symmetric Cole-Cole equation (4) to model the experimental permittivity data, to estimate the dielectric param-
eter values. Simultaneously, the Levenberg-Marquardt algorithm based non-linear least square method was used
in the fitting procedure. A Python script implementing these algorithms was used to fit the experimental data,
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where Ae; = €, — €;and Ae; = €1 — e are the relaxation strength which is proportional to the area under the
dielectric loss peak. 71 and 1, are the relaxation times, which provides an understanding of the intermolecular
and the intramolecular motions and their relations to the molecule size and shape®. The parameters €, 71, T2,
A€y, A€y, g, oy were obtained by fitting the Equation (4) to the experimental permittivity data.

Machine learning. To make the surgical decision making process more automatic, recurrent neural net-
works (RNN) with long short-term memory (LSTM) units were used to train classifiers from the permittivity
data®. Although conventionally used for time-series data, the sequential structure of the spectroscopic data
also allows this ML architecture to be employed in learning patterns over frequencies. Three LSTM architec-
tures were employed and built using Tensorflow.keras in Python: Unidirectional LSTM, bidirectional LSTM and
residual bidirectional LSTM, all with three LSTM layers followed by a dense layer. All models included dropout
and batch normalization for predictor standardization between the LSTM layers. In addition, we compared the
performance of a 1D-CNN model with two convolutional layers followed by a max pooling and a dense layer,
with that of the LSTM models. As our task can be viewed as a binary classification problem, we further tested
two conventional methods, support vector machine (SVM) and random forest (RF) to investigate whether they
can achieve similar performance as the deep learning methods.

Bidirectional LSTM was chosen because it enables learning of patterns in both sequential directions (low-
frequency to high-frequency and opposite). Residual bidirectional LSTM has a residual connection between the
LSTM cells which acts as highways for the gradients that pass the underlying information directly to the upper
layer®. The input features from the previous layers have a parallel path that can learn additional non-linear
functions and allow quick unlearning.

To address overfitting concerns, dropout and a fully connected hidden layer was added with the Ridge regu-
larization, and we used nested cross-validation (CV). The selection of hyperparameters was done within an inner
5-fold CV loop, and prediction on the hold-out test data was done in an outer 5-fold CV loop. Within the inner
loop, models with a different set of hyperparameters were tested against the inner validation dataset, and based
on the accuracy achieved with the validation dataset in the inner loop, the model to be used for predicting on
the test dataset in the outer CV loop was selected. 5-fold CV was selected also to avoid biased evaluation of the
model performance as we use different data to tune the model hyperparameters and evaluate model performance.

To translate the probabilistic nature of the model into either ischemia duration less than 4 h (viable) or equal
to and more than 4 h (non-viable) categories, a Softmax activation function was applied to the output layer. There
were five hyperparameters applied to the LSTM network; learning rate 1, regularization parameter A, minibatch
size, number of RNN units and Dropout as shown in Table 3.

The whole dataset was split into training data, validation data, and test data using the StratifiedKFold function
of the Scikit-learn library, keeping the same proportion of classes within each fold during splits. 5-fold nested
CV was used to select hyperparameters, the best model configurations, and to determine the mean accuracy, F1
score, sensitivity, and specificity on the test set.
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Hyperparameter Values

Learning rate n [1076,107%,107%,1073,1072]

Regularization parameter 2 |[107%,107%,107%,1073]

Minibatch size [8, 16, 32, 64]
RNN units (8, 16, 32, 64]
Dropout [0.1,0.2,0.3]%

Table 3. List of hyperparameters tested in LSTM network models.

Frequency contribution analysis. To analyze the contribution of different frequencies in the permittivity
spectrum, principal component analysis (PCA) and the SHAP method in explainable AI were used. PCA was
used to eliminate redundant frequencies in the permittivity data. Permittivity data from each measurement with
167 different frequency points was used as input to the PCA, where each of the frequencies in the permittivity
spectrum was considered as one variable. The largest positive association from the two first principal compo-
nents were extracted. Data was standardized using the scikitLearn StandardScaler function before performing
PCA.

To extract the most influential variables from the otherwise unexplainable ML models, the SHAP method'*
was applied to explain how the model made its decisions. We used the SHAP method to visualize which of the
frequencies that contribute positively and negatively to the models classification decision. SHAP assigns each
feature (frequency) an importance value for a particular model decision, and shapley values are attributed to
each feature, explaining how to get from the base value to the current output'®. The frequencies extracted from
the SHAP method were compared with the frequencies that contributed the most in explaining the data varia-
tion extracted from the PCA.

Received: 2 July 2021; Accepted: 14 February 2022
Published online: 28 February 2022

References

1. Bulkley, G. B. et al. Intraoperative determination of small intestinal viability following ischemic injury: A prospective, controlled
trial of two adjuvant methods (Doppler and fluorescein) compared with standard clinical judgment. Ann. Surg. 193, 628-637
(1981).

2. Oldenburg, W. A,, Lau, L. L., Rodenberg, T. ., Edmonds, H. J. & Burger, C. D. Acute mesenteric ischemia: A clinical review. Arch.
Intern. Med. 164, 1054-1062. https://doi.org/10.1001/archinte.164.10.1054 (2004).

3. Gabriel, S., Lau, R. W. & Gabriel, C. The dielectric properties of biological tissues: III. Parametric models for the dielectric spectrum
of tissues. Phys. Med. Biol. 41, 2271-2293. https://doi.org/10.1088/0031-9155/41/11/003 (1996).

4. Sasaki, K., Wake, K. & Watanabe, S. Development of best fit Cole-Cole parameters for measurement data from biological tissues
and organs between 1 MHz and 20 GHz. Radio Sci. 49, 459-472. https://doi.org/10.1002/2013RS005345 (2014).

5. Salahuddin, S., Porter, E., Krewer, E. & O’ Halloran, M. Optimised analytical models of the dielectric properties of biological tissue.
Med. Eng. Phys. 43, 103-111. https://doi.org/10.1016/j.medengphy.2017.01.017 (2017).

6. Strand-Amundsen, R. J. et al. Ischemia/reperfusion injury in porcine intestine— Viability assessment. World J. Gastroenterol. 24,
2009-2023. https://doi.org/10.3748/wjg.v24.i18.2009 (2018).

7. Strand-Amundsen, R. J. et al. In vivocharacterization of ischemic small intestine using bioimpedance measurements. Physiol.
Meas. 37, 257-275. https://doi.org/10.1088/0967-3334/37/2/257 (2016).

8. Hayashi, M. et al. Evaluation of ischemic damage in the skeletal muscle with the use of electrical properties. J. Surg. Res. 80, 266-271.
https://doi.org/10.1006/jsre.1998.5477 (1998).

9. Miyauchi, T. et al. Predictability of dielectric properties for ischemic injury of the skeletal muscle before reperfusion. J. Surg. Res.
86, 79-88. https://doi.org/10.1006/jsre.1999.5676 (1999).

10. Sasaki, E., Hirose, H., Ito, H., Bando, M. & Senga, S. Dielectric spectrogram for instantaneous evaluation of ischemic injury of the
liver. [Abstract]. Journal 41 (1995). Institution: From the First Department of Surgery, Gifu University School of Medicine, Gifu,
Japan.

11. Yamada, T. et al. An experimental estimation of the maximum period of liver preservation using dielectric parameters. Transpl.
Proc. 34, 1098-1104. https://doi.org/10.1016/S0041-1345(02)02785-9 (2002).

12. Foster, K. & Schwan, H. Dielectric properties of tissues and biological materials: A critical review. Crit. Rev. Biomed. Eng. 17,
25-104 (1989).

13. Matsuo, H. et al. Experimental studies to estimate the intestinal viability in a rat strangulated ileus model using a dielectric param-
eter. Dig. Dis. Sci. 49, 633-638. https://doi.org/10.1023/B:DDAS.0000026310.71607.4c (2004).

14. Lundberg, S. & Lee, S.-I. A unified approach to interpreting model predictions. arXiv:1705.07874 [cs, stat] (2017).

15. Douglas, W. R. Of pigs and men and research. Space Life Sci. 3, 226-234. https://doi.org/10.1007/BF00928167 (1972).

16. Yandza, T. et al. The pig as a preclinical model for intestinal ischemia-reperfusion and transplantation studies. J. Surg. Res. 178,
807-819. https://doi.org/10.1016/].js5.2012.07.025 (2012).

17. Gonzalez, L. M., Moeser, A. J. & Blikslager, A. T. Animal models of ischemia-reperfusion-induced intestinal injury: progress and
promise for translational research. Am. J. Physiol. Gastrointest. Liver Physiol. 308, G63-G75. https://doi.org/10.1152/ajpgi.00112.
2013 (2014).

18. Strand-Amundsen, R. J. et al. Machine learning for intraoperative prediction of viability in ischemic small intestine. Physiol. Meas.
39, 105011. https://doi.org/10.1088/1361-6579/aae0ea (2018).

19. Otte, S. et al. OCT A-Scan based lung tumor tissue classification with Bidirectional Long Short Term Memory networks. In 2013
IEEE International Workshop on Machine Learning for Signal Processing (MLSP), 1-6, https://doi.org/10.1109/MLSP.2013.66619
44 (2013). ISSN: 2378-928X.

20. Strand-Amundsen, R. J. et al. Small intestinal ischemia and reperfusion-bioimpedance measurements. Physiol. Meas. 39, 025001.
https://doi.org/10.1088/1361-6579/aaa576 (2018).

Scientific Reports |

(2022) 12:3279 | https://doi.org/10.1038/s41598-022-07140-4 nature portfolio


https://doi.org/10.1001/archinte.164.10.1054
https://doi.org/10.1088/0031-9155/41/11/003
https://doi.org/10.1002/2013RS005345
https://doi.org/10.1016/j.medengphy.2017.01.017
https://doi.org/10.3748/wjg.v24.i18.2009
https://doi.org/10.1088/0967-3334/37/2/257
https://doi.org/10.1006/jsre.1998.5477
https://doi.org/10.1006/jsre.1999.5676
https://doi.org/10.1016/S0041-1345(02)02785-9
https://doi.org/10.1023/B:DDAS.0000026310.71607.4c
http://arxiv.org/abs/1705.07874
https://doi.org/10.1007/BF00928167
https://doi.org/10.1016/j.jss.2012.07.025
https://doi.org/10.1152/ajpgi.00112.2013
https://doi.org/10.1152/ajpgi.00112.2013
https://doi.org/10.1088/1361-6579/aae0ea
https://doi.org/10.1109/MLSP.2013.6661944
https://doi.org/10.1109/MLSP.2013.6661944
https://doi.org/10.1088/1361-6579/aaa576

www.nature.com/scientificreports/

21. Hahn, G. M. et al. Some heat transfer problems associated with heating by ultrasound, microwaves, or radio frequency. Ann. N.
Y. Acad. Sci. 335, 327-351. https://doi.org/10.1111/j.1749-6632.1980.tb50757.x (1980).

22. Nasir, N. & Al Ahmad, M. Cells electrical Characterization: Dielectric properties, mixture, and modeling theories. J. Eng. 2020,
€9475490. https://doi.org/10.1155/2020/9475490 (2020).

23. Kalogeris, T., Baines, C. P, Krenz, M. & Korthuis, R. J. Cell biology of ischemia/reperfusion injury. Int. Rev. Cell Mol. Biol. 298,
229-317. https://doi.org/10.1016/B978-0-12-394309-5.00006-7 (2012).

24. Pethig, R. Dielectric properties of body tissues. Clin. Phys. Physiol. Meas. 8, 5-12. https://doi.org/10.1088/0143-0815/8/4A/002
(1987).

25. Schwan, H. P. & Foster, K. Microwave dielectric properties of tissue. Some comments on the rotational mobility of tissue water.
Biophys. J. 17, 193-197. https://doi.org/10.1016/S0006-3495(77)85637-3 (1977).

26. Polk, C. CRC Handbook of Biological Effects of Electromagnetic Fields (CRC Press, 2019). Google-Books-ID: 3TSoDWAAQBA]J.

27. Kim, J., El-Khamy, M. & Lee, J. Residual LSTM: Design of a deep recurrent architecture for distant speech recognition. arXiv:1701.
03360 [cs] (2017).

28. Cawley, G. C. & Talbot, N. L. on over-fitting in model selection and subsequent selection bias in performance evaluation. J. Mach.
Learn. Res. 11, 2079-2107 (2010).

29. Strand-Amundsen, R. J. et al. Ischemic small intestine-in vivoversusex vivobioimpedance measurements. Physiol. Meas. 38, 715—
728. https://doi.org/10.1088/1361-6579/aa67b7 (2017).

30. Gregory, A. P. & Clarke, R. N. Dielectric metrology with coaxial sensors. Meas. Sci. Technol. 18, 1372-1386. https://doi.org/10.
1088/0957-0233/18/5/026 (2007).

31. Kaatze, U. Complex permittivity of water as a function of frequency and temperature. J. Chem. Eng. Data 34, 371-374. https://doi.
0rg/10.1021/je00058a001 (1989).

32. Ellison, W. J. Permittivity of pure water, at standard atmospheric pressure, over the frequency range 0-25 THz and the temperature
range 0 — 100° C. J. Phys. Chem. Ref. Data 36, 1-18. https://doi.org/10.1063/1.2360986 (2007).

33. Debye, P.]. W. Polar Molecules (New York, 1929).

34. Schwan, H. P. Electrical properties of tissues and cell suspensions: mechanisms and models. In Proceedings of 16th Annual Inter-
national Conference of the IEEE Engineering in Medicine and Biology Society, vol. 1, A70-A71 vol.1, https://doi.org/10.1109/
IEMBS.1994.412155 (1994).

35. Liewei Sha, Ward, E. R. & Stroy, B. A review of dielectric properties of normal and malignant breast tissue. In Proceedings IEEE
SoutheastCon 2002 (Cat. No.02CH37283), 457-462, https://doi.org/10.1109/SECON.2002.995639 (2002).

36. Cole, K. S. & Cole, R. H. Dispersion and absorption in dielectrics I. Alternating current characteristics. J. Chem. Phys. 9, 341-351.
https://doi.org/10.1063/1.1750906 (1941).

37. Ottosson, N., Pastorczak, M., van der Post, S. T. & Bakker, H. J. Conformation of the neurotransmitter y-aminobutyric acid in
liquid water. Phys. Chem. Chem. Phys. 16, 10433-10437. https://doi.org/10.1039/C4CP00671B (2014).

38. Hochreiter, S. & Schmidhuber, J. Long short-term memory. Neural Comput. 9, 1735-1780. https://doi.org/10.1162/neco0.1997.9.
8.1735 (1997).

39. Zhao, Y., Yang, R., Chevalier, G. & Gong, M. Deep Residual Bidir-LSTM for Human Activity Recognition Using Wearable Sensors.
arXiv:1708.08989 [cs] (2017).

40. Cheng, G. et al. An exploration of dropout with Istms. In Interspeech, 1586-1590 (2017).

Acknowledgements

The authors would like to thank Arnstein Arnesen and Rune Veddegjerde at Sensocure AS, Rafael Palomar at
Oslo University Hospital, and the medical staff at the Department of Emergencies and Critical Care at Oslo
University Hospital, for invaluable assistance during the animal experiments. This study was funded through
the NFR BioAlert Project 296599.

Author contributions

Data collection, J.H.; formal analysis, J.H.; conceptualization, J.H., R.S.A., T1.T.; methodology, ].H., C.T., R.S.A.
and ©.G.M.; Writing the original draft, J.H.; supervision, R.S.A, C.T., T.LT. J.O.H. and @.G.M. writing-review,
JH., RS.A, C.T, T.I.T, J.O.H,, and @.G.M.; All authors have read and agreed to the published version of the
manuscript.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information is available for this paper at https://doi.org/10.1038/s41598-022-07140-4.

Correspondence and requests for materials should be addressed to J.H.
Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International

License, which permits use, sharing, adaptation, distribution and reproduction in any medium or
format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the
Creative Commons licence, and indicate if changes were made. The images or other third party material in this
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the
material. If material is not included in the article’s Creative Commons licence and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this licence, visit http://creativecommons.org/licenses/by/4.0/.

© The Author(s) 2022

Scientific Reports |

(2022) 12:3279 | https://doi.org/10.1038/s41598-022-07140-4 nature portfolio


https://doi.org/10.1111/j.1749-6632.1980.tb50757.x
https://doi.org/10.1155/2020/9475490
https://doi.org/10.1016/B978-0-12-394309-5.00006-7
https://doi.org/10.1088/0143-0815/8/4A/002
https://doi.org/10.1016/S0006-3495(77)85637-3
http://arxiv.org/abs/1701.03360
http://arxiv.org/abs/1701.03360
https://doi.org/10.1088/1361-6579/aa67b7
https://doi.org/10.1088/0957-0233/18/5/026
https://doi.org/10.1088/0957-0233/18/5/026
https://doi.org/10.1021/je00058a001
https://doi.org/10.1021/je00058a001
https://doi.org/10.1063/1.2360986
https://doi.org/10.1109/IEMBS.1994.412155
https://doi.org/10.1109/IEMBS.1994.412155
https://doi.org/10.1109/SECON.2002.995639
https://doi.org/10.1063/1.1750906
https://doi.org/10.1039/C4CP00671B
https://doi.org/10.1162/neco.1997.9.8.1735
https://doi.org/10.1162/neco.1997.9.8.1735
http://arxiv.org/abs/quant-ph/1708.08989
https://doi.org/10.1038/s41598-022-07140-4
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Small intestinal viability assessment using dielectric relaxation spectroscopy and deep learning
	Results
	Permittivity analysis. 
	Determination of intestinal viability using ML. 

	Discussions
	Conclusion
	Methods
	Animals and experimental design. 
	Surgery, anaesthesia and monitoring. 
	Permittivity measurements. 
	Permittivity data analysis. 
	Machine learning. 
	Frequency contribution analysis. 

	References
	Acknowledgements


